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Abstract

We report our result for HD-EPIC VQA benchmark using
two open-source VLMs. We adopted both Qwen2.5VL and
LLava-Video and tested 7B, 32B and 72B models. Only
zero-shot inference were performed on the 26,550 ques-
tions provided without fine-tuning using any of the bench-
mark dataset and other egocentric dataset. The overall
score averaged over 7 categories shows that Llava-Video is
slightly higher than Qwen2.5VL in this benchmark. which
are 0.3234 and 0.3214 in accuracy, respectively.

1. Introduction

Vision language models (VLMs) have demonstrated strong
ability on video understanding and reasoning tasks. In
this report, we show results using two open-sourced VLMs
on the HD-EPIC (A Highly-Detailed Egocentric Video
Dataset) [2] video question answering benchmark with
zero-shot setting. We first briefly give approach details on
section 2 and then present our result on section 3.

2. Approach

We perform zero-shot inference on the provided 26,550
questions without fine tuning using the provided dataset and
other egocentric dataset. We only used video files provided
by the benchmark without including other modalities for in-
ference. When testing Qwen2.5VL [1]-72B model, we have
to limit the total pixels to 10240x28x28 because of GPU
memory limitation.

We also tested model performance for different frame
rates. The original 1408 x 1408 x 30 fps videos were pro-
cessed by ffmpeg using the official script, generating 3 dif-
ferent frame rates as shown in Table 2. We then tested the
influence of frame rates on model performance of LLaVA-
Video [3]. In this test, we set the maximum video length to
32 seconds.

VLMs Average score (%)

Qwen2.5VL-7B 28.66
Qwen2.5VL-32B-72B 32.14
LLavaVideo-7B 30.19
LLavaVideo-72B 32.34

Table 1. Average scores for different models.

Frame rate Average score (%)

1fps 27.66
2fps 28.01
5fps 28.25

Table 2. The influence of different frame rates on the model per-
formance.

3. Results

Figure 1 shows the accuracy for each of the 30 subcate-
gories of questions for Qwen2.5VL 7B model, 32B and 72B
combined (we were unable to run all 26,550 questions using
only the 32B or 72B model because the inference speed is
very slow for our hardware setting. We therefore split ques-
tions into two parts and infer using 32B and 72B models
separately) and LLaVA-Video 7B, 72B models.

It shows that even 7B model outperforms 32B and
72B models in some categories for both Qwen2.5VL and
LLaVA-Video. In addition, Qwen2.5VL and LLaVA-Video
have different strengths. The overall score (Table 1) aver-
aged over 7 categories (recipe, ingredient, nutrition, action,
3D, motion and gaze) shows that LLava-Video is slightly
higher than Qwen2.5VL on this benchmark. The highest
score is obtained by LLavaVideo-72B, which is 32.34 in
percentage.

Table 2 shows the average score for seven categories for
LLavaVideo-7B models using different frame rates. It can
be seen that increasing the frame rate also slightly improves
the model performance.



Figure 1. Model results per question category.

4. Conclusion
In this report, we showed results for HD-EPIC VQA
benchmark using two VLMs: Qwen2.5VL and LLaVA-
Video. Overall, LLaVA-Video performs slightly better than
Qwen2.5VL for the averaged score for 7 categories of
26,550 questions, while each VLM has its strength in cer-
tain categories. Additionally, for both VLMs, 7B model
outperforms 32B and 72B models in some categories.
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